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Abstract: 

Pharmaco-cybernetics is the newly emerging interdisciplinary area that joins pharmacology, 

cybernetics, systems biology, and computational modeling to enable an efficient approach for 

drug therapy and personalized medicine. This one moves beyond PK and PD to feedback 

loops and control, nonlinear interactions, as well as data-driven decision-making about the 

best outcome of drug efficacy and safety. It leverages AI, machine learning, big data 

analytics capabilities, and advances pharmaco-cybernetics to deliver predictive modeling on 

the drug's responses at multilevel biologies, helps in drug development, dosing regimens 

optimisation, managing drug-drug interactions (DDIs), which in turn drives towards 

personalized drugs through pharmacogenomics, therefore the treatment remains less adverse. 

This is followed by technologies-EDIRES (Electronic drug information record, Internet of 

medical things, etc.), and eventually, quantum simulators that provide input for effective drug 

development besides helping in overcoming barriers for further research and clinical use. 

Overcoming these involves a multidisciplinary approach and improved healthcare solutions 

of AI. This article discusses the general principles, methods, and applications of pharmaco-

cybernetics and focuses on the changing role in modern medicine due to cybernetics. Modern 

drug therapies, optimized clinical decision-making, patient outcomes, and better practice of 

precision medicine can all be afforded and realized by the application of cybernetic 

principles. 

Keywords: Pharmaco-cybernetics, computational modeling, artificial intelligence, machine 

learning, Electronic Drug Information Record, Internet of Medical Things. 
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1. Introduction 

Pharmaco-cybernetics is one of the relatively new disciplines that involve a blend of systems 

theory, cybernetics, and computational modeling into pharmacology, thus looking forward to 

deep understanding in drug interactions, complex interplay of biological systems and 

extraneous forces. The key strength of this method is that it can simulate and predict the 

dynamic behavior of drug-biological systems. It models pharmacokinetics and 

pharmacodynamics besides feedback loops and non-linear interactions. The use of pharmaco-

cybernetics uses computational tools and algorithms to model and analyze the response of 

drugs from molecular targets to whole-organ systems, thus making a much deeper analysis of 

treatment outcome possible. Norbert Wiener invented the concept of cybernetics, which is the 

science of information flow, control mechanisms, and feedback loops in a complex system. 

This has brought about a sea change in pharmacology's understanding about how drugs act by 

moving out of linear models and into very dynamic systems models. This change is 

particularly important in the age of customized medicine where individual differences in drug 

reactions constitute a major problem. Pharmaco-cybernetics can be helpful in handling these 

problems. Individual differences in drug ADME, receptor binding, signal transduction, and 

finally overall pharmacological effects can be simulated through cybernetic principles. 

Pharmaco-cybernetics has a great deal of scope for enhancing drug dosage regimens. The 

extreme inter-individual variability in drug response may not be adequately addressed by 

conventional dosing strategies that often rely on population-based averages. This could lead 

to treatment outcomes far from ideal, for example, a low efficiency or a greater likelihood of 

adverse effects. Pharmaco-cybernetics permits a more tailored approach to dosage by using 

cybernetic models to predict the time-course of drug effects and include physiological 

feedback mechanisms. This personalized strategy can help reduce unfavourable responses to 

drugs without sacrificing therapeutic benefits. [1] Pharmaco-cybernetics has significantly 

expanded the knowledge related to DDIs. The proposed models can portray complex 

interactions from a variety of drugs with a superimposed cybernetic framework that is useful 

in understanding the mechanisms concerned. Such augmented knowledge will bring in 

improved predication and intervention strategies for a serious problem facing contemporary 

care polypharmacy [2]. 

Machine learning and artificial intelligence have significantly advanced the clinical 

translation of pharmaceutical cybernetics. AI/ML algorithms can hence efficiently evaluate 

enormous datasets in order to design more precise models of medication reaction. These 

innovations are opening a door for innovative breakthroughs that are going to be witnessed 

with personalized medicine, drug discovery, and the making of advanced clinical decision 

support systems. [3] 

It represents a new paradigm in the way we think about drug action and their treatment. There 

is much opportunity for improvement of drug therapies and individualized treatment with the 

advent of this new field, embracing the complexity of biological systems and ideas of 

cybernetic schooling. A review summarizes the basic notions of pharmaco-cybernetics along 

with the evaluation of the multiplicity of their applications in therapy management and 

medicinal development, along with problems and directions of a rapidly developing sphere. 
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2. Principles involve in Pharmaco-Cybernetics 

 

2.1 Interdisciplinary integration 

The field of cybernetics, which studies drug control and communication, is termed as 

pharmaco-cybernetic. The Electronic Drug Information Record, EDIR will construct a 

database containing all of the drug information. Scientists will be benefited due to this aspect 

because it makes easy to access new drugs originating from natural, semisynthetic, or 

synthetic sources. [4] Pharmaco-cybernetic further enhances the latest information by 

facilitating the simultaneous, multi-user, access to view the same record from different 

computers. [5] 

An emerging multidisciplinary discipline known as pharmaco-cybernetics enables us to use 

medications and drugs by putting together computational approaches and technology along 

with human-computer-environment interactions to lessen or avoid problems related to the use 

of drugs. Healthcare providers can utilize many software, tools, and Internet applications that 

have been developed based on the evolution of pharmaco-cybernetics for the best 

pharmaceutical care and related health outcomes. Online health information is empowering 

patients to take a more active role in managing their own ailments by increasing their level of 

knowledge. The field is multidisciplinary. It investigates the basics and functioning of self-

organizing and self-regulating systems. [6] It takes ideas from numerous fields. Such as; 

 Computer Science 

 Engineering 

 Biology and Neuroscience 

 Cognitive Science and Psychology  

 Control Theory and Mathematics  

 Communication Studies and Social Sciences 

Data-driven decision-making in pharmaco-cybernetics faces significant challenges, including 

the complexity of navigating regulatory landscapes and ensuring the robustness of 

algorithms. It further includes integrating data from diverse sources, which forms the basis of 

pharmaceutical management for its successful application [7]. 

The integration of computational technology into pharmaco-cybernetics can potentially 

change the pharmaceutical industry, with innovation, safety, and efficiency of healthcare 

solutions becoming more advanced. 

2.2 Feedback mechanism: 

Understanding and managing how the body responds to medications relies heavily on the 

feedback loops within pharmaco-cybernetics. These loops, classified as either positive or 

negative, play a critical role in ensuring the safety and efficacy of drug therapies[8]. 

 Positive feedback loops: characterized by their self-amplifying nature, can have 

profound physiological consequences. Oxidative stress can trigger a positive 

feedback loop involving ROS, mtCx43, and the p38 MAPK signaling pathway. 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:182



This loop, through the persistent activation of p38 MAPK, contributes to the post-

natal arrest of cardiomyocyte cell division. [9]. 

 Negative feedback mechanisms: These are crucial for maintaining physiological 

stability by counteracting deviations from a set point. The phenomenon of “wind-

up,” characterized by an escalating excitability of spinal neurons in response to 

repetitive stimulation, can be analyzed through a cybernetic framework within the 

context of pain regulation. Given that molecular mechanisms underlying wind-up 

involve both feedforward and feedback processes, therapeutic interventions 

targeting these pathways may offer potential avenues for modulating pain 

responses.[10] 

A comprehensive understanding of pharmaco-cybernetic feedback mechanisms is 

fundamental for the successful development of therapeutic approaches. These mechanisms 

are critical for modulating physiological responses, thereby optimizing drug efficacy and 

minimizing adverse side effects. 

2.3 Risk management: 

There is a need for effective risk management in the use of pharmaco-cybernetics to use it 

safely and effectively. It contains the procedures of locating, assessing, and resolving 

possible hazards that are associated with the application of pharmaco-cybernetic instruments 

and techniques. Pharmaco-cybernetics, in actuality, is one of the rather new fields which 

combines pharmacology, cybernetics, and systems biology with the point of making optimal 

drug therapy. This applies to using the computational models, analyzing data on interactions 

between drugs and the body, and predicting how an individual would respond to treatment. 

These hold promise for enhancing the outcome for patients and decreasing adverse reactions 

from drugs. 

This involves careful management of risks associated with pharmaco-cybernetic applications. 

Indeed, this aspect is focused on identifying and mitigating all forms of risk arising out of the 

application of these pharmaco-cybernetic tools and techniques. 

By having the guidelines and standards above, the researcher and the practitioner can make 

the development and implementation of pharmaco-cybernetic systems safe, ethical, and 

responsible. Here are a few examples of risk management strategies in pharmaco-cybernetics: 

 Data privacy and security: Implement robust data encryption and access control 

measures. 

 Algorithmic bias and fairness: Use diverse and representative datasets to train 

algorithms, and regularly monitor and evaluate algorithms for bias. 

 Technical and operational risks: Conduct rigorous testing and validation of 

pharmaco-cybernetic systems. 

 Ethical and societal risks: Obtain informed consent from patients, and ensure 

that pharmaco-cybernetic systems are used in a way that is fair and equitable. 

The actions that ought to be part of a risk management framework for pharmaco-cybernetics: 
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Risk Identification: Detail inventory Carry out a general examination to identify all potential 

risks pertinent to pharmaco-cybernetic tools and methods. 

Risk Evaluation: (Impact and Probability Analysis) Determine the likely consequences of 

each identified hazard, including the chances of their happening. 

Risk Mitigation Strategies: Develop and Implement Action Plans Create and execute plans 

that would minimize or eliminate the identified risks. The plans could be to implement 

safeguards, modify procedures, or introduce new technologies. 

Monitoring and Evaluation: Ongoing Assessment Monitoring and evaluation must be done 

about the effectiveness of the risk mitigation strategies implemented continually. This 

constant assessment allows for the framework to be adjusted according to need. [11-16] 

2.4 Regulatory compliance: 

Pharmaco-cybernetics has special regulatory issues since it combines pharmacology, 

cybernetics, and systems biology. A strong framework that takes ethical and legal issues into 

account is necessary to ensure safe and efficient implementation. 

A) Ethical consideration: 

 Informed Consent and Patient Autonomy: Pharmaco-cybernetic systems 

frequently depend on large amounts of patient data. Clear communication 

regarding data usage, potential risks, and advantages is necessary to obtain 

properly informed permission. 

 

 Data Security and Privacy: It’s critical to safeguard private patient data. Strong 

security measures are required to stop illegal access and data breaches. 

 Fairness and Algorithmic Bias: Pharmaco-cybernetics algorithms need to be 

thoroughly assessed to prevent biases that can result in unfair or incorrect 

predictions for particular patient groups. 

 Equity and Accessibility: To avoid escalating already-existing healthcare 

disparities, it is imperative to guarantee appropriate means of using pharmaco-

cybernetic technologies. [17,18] 

B) Regulatory considerations: 

• Rules for Software as a Medical Device (SaMD): SaMD encompasses several 

kinds of pharmaco-cybernetic devices. To make SaMD safe and efficient, there 

are various rules to abide by, one of which includes the FDA recommendations. 

• Data Security and Privacy Laws: in the US, the implementation of laws like 

Health Insurance Portability and Accountability Act or HIPAA can be critical for 

maintaining secrecy about patient information. 

• Clinical Validation and Regulatory Approval: Extensive clinical trials coupled 

with tight validation procedures are necessary to demonstrate efficacy and safety 

before such pharmaco-cybernetic systems be adopted. 
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• Cyber Security Standards: Perhaps the most crucial regulatory compliance area 

is establishing and maintaining rigorous cybersecurity practices for cyber 

protection. [19,20] 

 

Figure 1: Principles involved in Pharmaco-cybernetics 

 

3. Methodology 

3.1 . Mathematical Modeling and Simulation 

In order to comprehend how medications behave in the human body, mathematical models 

are essential. They mimic the intricate biological mechanisms of drug ADME. These models 

anticipate how medication concentrations in the bloodstream fluctuate through duration and 

interact with various body systems by applying mathematical equations, mainly differential 

equations. 

Two main model types are frequently employed: 

• Pharmacokinetic (PK) models: This kind of PK models is usually centered on 

drug transport within the body. In PK models, how drugs get absorbed from a 

place of administration, spread through the body, processed by the liver, and 

eliminated from the body (normally through the kidneys". 

• Pharmacodynamic (PD) Models: These models look at the association between 

drug concentrations and physiological effects, which are more than just drug 

transport. Their aim is to understand the association between drug levels and the 

reported therapeutic or adverse effects. [21] 

To put it simply, PD models explain how the medication affects the body, whereas PK 

models explain what happens to the drug in the body. 
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Table 1: Some examples for applications of Mathematical Modeling & Stimulation 

S.NO     APPLICATON                         EXAMPLE REFERENCE 

1) 

 

Modeling Drug-Drug 

Interactions (DDIs) 

A study applied a mechanistic PBPK 

(Physiologically Based 

Pharmacokinetic) model to simulate 

DDIs for commonly co-prescribed 

drugs in cancer therapy, considering 

enzyme inhibition and induction 

mechanisms. 

[22] 

2) 

 

Optimization of Drug 

Dosing in Personalized 

Medicine 

 A recent study used individualized 

compartmental models to optimize 

the dosing of warfarin, an 

anticoagulant, based on genetic 

variations affecting metabolism. 

[23] 

3) 

 

Simulating Drug 

Distribution in 

Complex Diseases 

(e.g., Cancer and 

Sepsis) 

Recent studies have utilized whole-

body simulation models (e.g., PBPK 

models) to simulate drug delivery to 

tumors in cancer treatment and 

optimize dosing strategies considering 

tumor microenvironment 

characteristics 

[24] 

4) 

 

Real-time Drug Dosing 

and Adaptive Control 

Systems 

In critical care, a model-based 

adaptive control system for sedative 

drugs (e.g., propofol) was developed to 

adjust doses in real-time using 

nonlinear pharmacodynamic 

models. 

[25] 

5) 

 

Gene-Drug Interactions 

and Pharmacogenomics 

A simulation-based approach was 

applied to the genetic variation in 

CYP450 enzymes to predict 

individual responses to statins, 

optimizing dosage and reducing side 

effects like muscle toxicity. 

[26] 
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3.2. Clinical Simulation and Decision Support Systems 

Clinical simulation tools and DSSs are very precious tools in modern drug therapy. 

The clinical simulation tool enables "in silico" experimentation. By using the simulation tool, 

the health care provider can perform virtual testing of various drug regimens on a simulated 

patient and observe possible outcomes that do not affect real patients. 

Decision Support Systems use patient-specific information such as genetic material, clinical 

history, and pharmacokinetic processing of drugs by the body to inform healthcare providers 

about the best decisions for treatment. 

The tools support the so-called concept of Personalized Medicine, which refers to tailoring 

treatment to a person's unique characteristics such as genetic makeup or specific disease 

condition for maximizing the benefits of treatment while minimizing adverse effects. 

The other approach is Virtual Patient Modeling. It produces computational models of 

individual patients that allow the researcher and clinician to predict how a given set of drugs 

will affect each patient, leading to better treatment decisions. [27] 

3.3. Medication development and discovery for quantum stimulation 

A computational method called quantum simulation models and simulates complicated 

material and molecular designs using a variety of sophisticated, high-level quantum 

algorithms. This method has the potential to completely transform how we think about 

medication discovery and design. 

Understanding how molecules, like proteins in the human body, interact in many 

environmental settings is essential to drug discovery. Here are several ways that drug 

discovery may be impacted by quantum simulation. 

  Accurate Modeling: By taking into consideration the quantum behavior of 

molecules, quantum simulation makes it possible to predict interactions between 

molecules and biological systems with greater accuracy. 

  Comprehending Complex Reactions: Quantum simulation can shed light on 

chemical reactions and processes, like protein folding and enzyme interactions, 

that are essential for drug development. 

  Optimizing Drug Candidates: Researchers can find molecules that are likely to 

have the intended therapeutic effects by using quantum simulations to anticipate 

the features of possible drug candidates. 

  Cutting Down on Experimental Efforts: Quantum simulation can influence 

experimental efforts by revealing which molecules are worthwhile to synthesize 

and analyze in the laboratory. 

 Personalized Medicine: By forecasting how certain chemicals will interact with 

a person's own biological composition, quantum simulations can assist in 

customizing medication therapies for individual patients.[28-32] 
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Table 2: Examples for Clinical Stimulation & Decision Support System 

S.NO.    APPLICATION               EXAMPLE REFERENCE 

1) Simulation of Drug-Drug 

Interactions (DDIs) and 

Population Modeling 

A recent study used the Simcyp 

Simulator, a popular clinical 

simulation tool, to simulate DDIs 

between common drugs used in the 

elderly, taking into account age-

related changes in pharmacokinetics 

and pharmacodynamics. 

[33] 

2) Clinical Decision Support 

Systems (DSS) for 

Personalized Drug Dosing 

A study used DSS integrated with 

pharmacogenomic data to optimize 

warfarin dosing for patients based 

on their genetic polymorphisms in 

CYP2C9 and VKORC1 genes. The 

system provided dosing 

recommendations that reduced the 

risk of adverse events and improved 

therapeutic outcomes. 

[34] 

3) Real-Time Dosing 

Adjustments in Intensive 

Care Using DSS 

An example includes using real-time 

adaptive control systems in the ICU 

to adjust the dosing of propofol (a 

sedative) based on a patient’s vital 

signs and pharmacodynamic 

response, ensuring that sedation 

levels are optimal while minimizing 

side effects. 

[35] 

4) Virtual Patient Models for 

Drug Efficacy and Safety 

Predictions 

The Mayo Clinic Virtual Patient 

Model was used to simulate the 

effects of biologics in patients with 

rheumatoid arthritis (RA). The 

model integrated patient data, 

including genetics, to predict how 

different biologic therapies would 

affect disease progression and 

treatment outcomes 

[36] 

5) Simulation of Pediatric 

Drug Dosing Using DSS 

A clinical simulation study used a 

DSS combined with 

pharmacokinetic modeling to 

optimize antibiotic dosing for 

pediatric patients, particularly in 

[37] 
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neonates with varying degrees of 

renal function. 

 

3.4. Control Theory and Feedback Systems 

Pharmaco-cybernetics leverages control theory to optimize drug delivery. By understanding 

how drugs interact with the body's complex feedback loops (like hormone regulation and 

immune responses), this approach aims to: 

 Maximize therapeutic benefits: Achieve the desired drug effect effectively. 

 Minimize side effects: Reduce unwanted consequences of drug treatment. 

Key Concepts: 

 Feedback Loops: These crucial mechanisms within the body influence how 

drugs work. Negative feedback helps maintain balance, while positive feedback 

can amplify responses.[38] 

 PID Control: This advanced technology allows for real-time adjustments to drug 

dosage based on the body's feedback. This ensures precise and effective drug 

delivery. [39] 

 

Table 3: Various examples for application of Control Therapy & Feedback System. 

 

S.NO APPLICATION                     EXAMPLE REFERENCE 

1) Artificial Pancreas A fully automated closed-loop system 

that mimics pancreatic function to 

regulate blood glucose. Incorporates 

control theory algorithms like 

proportional-integral-derivative (PID) 

controllers. Demonstrated effective 

glycemic control in Type 1 diabetes. 

 

[40] 

2) Targeted Drug 

Delivery Using 

Nanoparticles 

Nanoparticles loaded with drugs use 

feedback mechanisms to release their 

payload in response to local 

environmental stimuli (e.g., pH or 

temperature changes) for targeted cancer 

therapy. 

[41] 

3) Real-Time Sepsis 

Management 

Feedback-based systems monitor 

biomarkers like lactate levels to guide 

fluid and drug administration in sepsis. 

[42] 
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4) Continuous 

Pharmaceutical 

Manufacturing 

The shift from batch to continuous 

manufacturing in the pharmaceutical 

industry has been facilitated by control 

systems engineering. Real-time 

monitoring and feedback control 

mechanisms are employed to maintain 

product quality and process efficiency. 

[43] 

5) Network Control 

Theory in 

Understanding 

Psychedelic Effects 

Recent studies have applied network 

control theory to elucidate how 

psychedelics like LSD and psilocybin 

alter brain dynamics 

[44] 

 

3.5. DATA DRIVEN APPROACHES 

Pharmaco-cybernetics is an approach that can make use of advanced data-driven 

methodologies aimed at revolutionizing drug development and personalized medicine. It uses 

high-end computer techniques, including big data analytics, machine learning, and artificial 

intelligence. 

• Analyze vast datasets: Obtain useful insights from huge drug-related data. 

• Identify trends and patterns: Hidden relationships between drugs, patients, and their 

responses. 

• Drug behavior prediction: Predict the safety, efficacy, and potential side effects of 

medications. 

This data-driven approach enables individualized treatment plans, faster drug discovery, and 

improved patient outcomes. 

Key Concepts 

A) The Electronic Drug Information Record (EDIR): EDIR aims to integrate 

pharmaceutical services to enhance patient healthcare and strengthen doctor-pharmacist 

relationships. 

EDIR involves a cybernetic system with an integrated database that consolidates data from 

various health and pharmaceutical sources, including public health records, epidemic drug 

records, and drug event monitoring. 

Data is collected from hospitals, clinics, and community pharmacies, then sent to a drug 

research center for inclusion in a comprehensive drug database accessible to doctors and 

pharmacists. 

The drug research center handles inquiries related to prescriptions, drug event monitoring, 

nutritional consultancy, and epidemic drug records while supporting new drug development 

and studying pharmacokinetic and pharmacodynamic parameters. 
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This system assists pharmacists and doctors in identifying medication errors, thereby 

improving the safety and efficacy of patient care. 

Integration with Internet of Medical Things (IoMT): 

The Internet of Medical Things (IoMT) integrates medical devices with wireless connectivity, 

enhancing real-time diagnosis and creating a sophisticated health-tech ecosystem that 

improves efficiency and quality in healthcare. 

IoMT devices, such as smartphone-based point-of-care (POC) systems, enable remote 

monitoring and diagnostics using non-invasive samples like sweat and saliva, making 

healthcare more accessible and affordable, especially in remote areas.The Integration of 

artificial intelligence (AI) with IoMT devices allows for advanced data analytics and 

personalized treatment plans, aiding in the prediction and management of complex diseases 

like cancer and diabetes.IoMT technology includes various wearable devices and sensors that 

track vital signs and physical activity, contributing to continuous patient monitoring and data 

collection for better healthcare outcomes.The growth of the IoMT market is driven by 

advancements in AI and machine learning, which automate diagnostics and enhance decision-

making processes for medical practitioners.Pharmaco-cybernetic is an emerging field 

combining pharmacy with cybernetics to improve drug-related technologies and education. 

The integration of best practices in literacy and human-computer interface design is crucial 

for effective consumer health information systems.EDIR aims to consolidate extensive drug-

related data into a single electronic database for use by healthcare professionals and 

researchers.Electronic health records (EHRs) are increasingly popular and beneficial for 

patient care and drug discovery by identifying disease relationships and drug usage patterns. 

Legal mandates have driven the adoption of HER systems, improving standards, medical 

terminologies, and data sharing infrastructure. The growing volume of chemical data 

necessitates electronic management systems, with numerous databases available for drug 

discovery.Clinical event monitors help detect adverse drug reactions in intensive care units 

by using signals to alert clinicians.[45] 

B) Theory of Rough Set Data Analysis 

Rough set theory is crucial in AI and cognitive sciences, particularly in machine learning, 

knowledge acquisition, decision analysis, and pattern recognition, as it does not require 

additional data like probabilities or membership grades.It has been successfully applied in 

various fields such as engineering, banking, pharmacy, medicine, finance, and market 

analysis, with notable success in pharmacology for studying drug chemical structures and 

antibacterial actions.Rough set theory offers effective algorithms for uncovering hidden 

trends in data, finding connections missed by traditional statistical methods, and allowing 

both qualitative and quantitative data analysis.The method provides benefits such as data 

reduction to minimal sets, assessing data significance, generating decision rules from data, 

and offering simple interpretations of results.Numerous software systems have been 

developed based on rough set theory for workstations and personal computers, with some 

available commercially; these systems are well-suited for parallel processing but require 
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novel computer organization to fully utilize this capability.DATALOGIC, Rough DAS and 

Rough Class, and LERS are the most well-known. [46] 

C) Pharmacogenomics 

Pharmacogenomics, the study of how genetic variations influence drug responses, is a key 

component of pharmaco-cybernetics, which integrates pharmacology with systems science, 

computational modeling, and data analysis. The goal is to optimize drug therapies by 

leveraging genetic insights, enhancing precision medicine, and minimizing adverse drug 

reactions (ADRs). 

Table 4: Some application with example for data driven approaches used in Pharmaco-

cybernetics. 

S.NO APPLICATION          EXAMPLE REFERENCE 

1) Drug Discovery 

and Repurposing 

Deep learning identified potential 

inhibitors of SARS-CoV-2 main 

protease, accelerating COVID-19 

therapeutic development. 

[47] 

2) Personalized 

Medicine 

AI models predict response to 

immunotherapy in cancer patients 

based on tumor mutational burden and 

gene expression profiles. 

[48] 

3) Adverse Drug 

Reaction 

Prediction 

Predicting adverse drug reactions 

(ADRs) using patient data and 

network-based analysis of drug-target 

interactions. 

 A multi-omics integration model 

flagged potential hepatotoxicity in a 

new drug under clinical trial. 

 

[49] 

4) Optimizing 

Clinical Trial 

Design 

Bayesian adaptive trials used real-time 

patient data to adjust dosages in 

oncology drug trials.  

[50] 

5) Drug-Drug 

Interaction 

Analysis 

AI models flagged interactions 

between anticoagulants and 

antiplatelets that could lead to 

bleeding events 

[51] 
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3.6. Machine Learning and Artificial Learning 

A) Virtual and Augmented Reality in Pharmacy Education 

At Bond University, Queensland in Australia, medical students have access to cutting-edge 

educational tools. These include virtual environments for exploring internal organs and 

augmented reality platforms that facilitate the manipulation of 3D anatomical models. 

According to Dr. Christian Moro, “virtual reality allows the student to navigate within and 

around structures in an entirely controlled environment, while augmented reality allows the 

student to hold the structure. To truly immerse themselves in VR experiences, users need to 

feel ‘present’ – like they’re actually there. According to Slater, this ‘presence’ hinges on two 

crucial factors: 

 Place Illusion: How strongly users feel physically located within the virtual 

world. This essentially defines how deeply immersed they are. 

 Plausibility Illusion: How believable the events unfolding within the virtual world 

appear to the user. 

Both these deceptions must come together for the development of an acceptable and realistic 

VR experience. 

The headsets that are primarily used for virtual reality include HTC Vive (HTC, Bellevue, 

WA), Oculus Rift (Facebook Technologies, LLC, Menlo Park, CA), Google Cardboard 

(Google LLC, Mountain View, CA), and Google Daydream (Google LLC, Mountain View, 

CA). 

Uses in Pharmacy Education 

 VR can make complex topics more understandable by offering interactive 3D 

environments that provide different perspectives, such as visualizing 

pharmacokinetics through a drug’s journey in the body. 

 VR can increase student engagement and enjoyment through gamification and 

interactive experiences, making tedious subjects like drug memorization more 

engaging. 

 The technology has been successfully used in health education for surgical 

simulations and anatomical visualization, showing potential for broader 

applications in pharmacy education. 

 VR simulations can help pharmacy students practice communication skills with 

virtual patients and healthcare teams, building empathy and understanding before 

real-life interactions. 

 Existing VR applications like The BodyVR and Human Anatomy VR 

demonstrate the potential for educational use in pharmacy by simulating patient 

experiences and drug interactions at various levels. 

 Beyond education, VR is proving useful in-patient care by helping patients 

overcome phobias, distracting from pain, and motivating lifestyle changes, 

indicating its growing role in healthcare. 
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Limitations 

 Limited pharmacy-related educational content is available, and hiring developers 

iscostly, making content creation challenging for educators 

 Desensitization to VR experiences is possible with repeated exposure, potentially 

reducing VR sickness over time. 

 Psychosocial considerations include potential addiction similar to gaming 

disorder and the impact on communication skills development. 

 Augmented reality (AR) and mixed reality (MR) are in early stages with 

limitations like large headsets, limited battery life, and restricted field of view. 

 Platforms like Anyland, High Fidelity, and Unreal Engine 4 offer tools for non-

developers to create VR content but still require programming expertise.[52] 

B) Telepharmacy 

Telehealth is the general use of technology for distant healthcare, and telemedicine is one of 

its main constituents. The World Health Organization defines telemedicine as the delivery of 

health-care services, including diagnosis, treatment, prevention, research, and education, 

across distances by using technology. 

The meaning of telepharmacy is thus understood as: "the provision of pharmacist care by 

registered pharmacists and pharmacies through the use of telecommunications to patients 

located at a distance." [53] 

The COVID-19 pandemic certainly sped up telemedicine implementation; with it being used 

in order to fully replace the traditional medical service delivery method. Telemedicine refers 

generally to several services - of which includes telehealth as well as a type of care that 

monitors remotely the patients concerned - whose significant benefits on health and cost 

healthcare, and this has become overt. 

Drugs selection, order analyze and dispensing, patient guidance and supervision, and clinical 

service delivery are among the telepharmacy services that have already been 

established.Despite its numerous advantages, the adoption of telepharmacy services remains 

variable across pharmacies, influenced by a range of factors.[54] 

C) Automation 

Automation in pharmaceutical operation;It is a technique in pharmaceutical operations plays 

a critical role in enhancing efficiency, accuracy, and consistency throughout various stages of 

drug development, manufacturing, and distribution.  Automation is an important for pharma 

operation because it reduce the human error.  The lives of quality assurance personnel have 

undoubtedly become easier than they were previously. To keep up with the automated 

systems, personnel must learn new skills. Among the new abilities are: Handling and 

Interpretation of Digital Data Because all data in the automated world is digitalized, 

personnel must be adequately trained to handle and interpret it. 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:194



Automated filling machines can also efficiently fill capsules, containers, and vials.They can 

inspect the level of filled containers and vials and effectively reject specific products that 

haven’t been filled. Such automated systems can be used to carry out such tasks in a large-

scale manufacturing facility.    Because data about the batches is continuously logged in the 

computer memory5, all batches with non-compliance issues can be easily identified.[55] 

Roles in The Pharmaceutical Industry After Automation Implementation: 

The possibility of data integrity in a fully automated plant. Because most of the latest 

technologies use digital data collection, the need for all of the industry’s paperwork will be 

eliminated. The quality assurance department will need to be trained to use digital data 

collection systems. Personnel work will be drastically reduced in the absence of all 

paperwork, as extensive documentation becomes easier.    Automation may not have a 

significant impact on the roles of QA personnel in the pharmaceutical industries as a whole, 

but in the near future, as technologies advance and various industrial revolutions emerge, 

there is a good chance that the reliance on manual Q.A personnel will decrease. [56] 

 

4. Challenges 

 

FIGURE 2: Challenges in implementation of Pharmaco-cybernetics. 

1. Data protection and security: The practice of Pharmaco-cybernetics relies so heavily on 

confidential patient information; it calls for adequate measures regarding data privacy and 

security. Among these risks, breaches of confidentiality regarding patients' identities, a 

decrease in the level of trust within the general public, and worse-case-scenarios may prevail. 

Strong measures against cybercrime, state-of-the-art techniques in encryption, and 

compliance with laws such as GDPR and HIPAA are mandatory to prevent risks like 

these.[57] 
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2) Integration with existing system: Healthcare systems exhibit significant heterogeneity in 

their design, technology, and capacity. Integrating cybernetic solutions into these diverse 

environments presents substantial challenges. Compatibility issues, lack of standardized 

protocols, and the presence of legacy systems that may not support modern technologies can 

hinder seamless integration. Successful implementation necessitates substantial investments 

in infrastructure upgrades and comprehensive workforce training.[58] 

3) Data standardization: The data arising in the field of pharmaco-cybernetics is produced 

by heterogeneous sources, such as wearable devices, clinical records, and laboratory tests. 

Standardized data formats, terminologies, and protocols do not exist in most cases. This is an 

important barrier to interoperability and efficient sharing of data. Developing common 

standards for data gathering, storage, and exchange is a step toward overcoming such 

barriers.[59] 

4) Clinical validation: Before being applied in a broad scale, pharmaco-cybernetic systems 

must undergo rigorous clinical validation to ensure safety, efficacy, and reliability. The 

inherent complexity of these systems, which integrate biological and computational elements, 

greatly complicates the validation process. In addition, strong frameworks are necessary for 

evaluating the performance of these systems in real-world settings.[58] 

5) User acceptance: The successful implementation of pharmaco-cybernetic solutions hinges 

on their acceptance by healthcare professionals and patients. Resistance to change, a lack of 

trust in technology, and concerns regarding usability can significantly impede adoption. 

Addressing these challenges necessitates a user-centric design approach, comprehensive 

training programs, and a clear demonstration of the tangible benefits these systems offer.[60] 

6) Ethical conditions: The advancement of pharmaco-cybernetics presents significant ethical 

dilemmas, including ensuring equitable access, mitigating algorithmic bias, and maintaining 

transparency in decision-making processes. Addressing these challenges necessitates the 

establishment of clear ethical guidelines and the fostering of open dialogue among 

stakeholders, including ethicists, clinicians, and policymakers.[61] 

 

7) Regulatory hurdles: The regulatory framework surrounding pharmaco-cybernetics is still 

in development. Existing regulations may not sufficiently cover the distinct characteristics of 

cybernetic systems, including machine learning algorithms and the processing of real-time 

data. It is essential to create thorough regulatory guidelines that strike a balance between 

fostering innovation and ensuring patient safety.[62] 

 

8) Cost complications: The creation, implementation, and upkeep of pharmaco-cybernetic 

systems incur substantial expenses. These costs encompass technology procurement, system 

integration, staff training, and continuous updates. Balancing affordability with quality 

remains a significant challenge, especially in settings with limited resources [60] 
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9) Maintain technological parties: The swift evolution of technologies like AI, wearable 

devices and data analytics presents a significant challenge for pharmaco-cybernetics systems. 

To remain current and effective, these systems necessitate ongoing research and development 

investments to harness the latest breakthroughs.[60] 

Conclusion 

Pharmaco-cybernetics is making new innovations within the horizon of personalized 

medicine by incorporating the best available technologies such as artificial intelligence, 

machine learning, and data analysis into the world of pharmacology. It has begun to 

revolutionize how decisions are made in drug therapy such that pharmacologists can utilize 

highly customized treatment plans individually tailored to every single patient's unique 

characteristics and genetic profile. Despite this potential, there are still a few challenges to 

clear before pharmaco-cybernetics can become mainstream. Technical and logistical 

challenges will require communication and convergence of pharmacologists, bioengineers, 

data scientists, and other healthcare professionals. Pharmaco-cybernetics holds much promise 

as a means of innovative solutions to long-standing problems in drug therapy. 

 

For it to come to its full potential, further research, technological advancements, and 

development of clear regulatory guidelines would be indispensable. It's about delivering 

healthcare better - making it efficient, precise, and focused on the needs of patients. All this 

can happen by working together as experts in this space create a new world of medicine in 

which patients will truly be placed at the heart. 

 

Reference 

1. Yap, Kevin &Xuejin, Chuang & Lee, Alvin & Lee, Raemarie&Lijuan, Lim & Lim, 

Jeanette &Ranasinghe, Nimesha. (2009). Pharmaco-Cybernetics as an Interactive Component 

of Pharma-Culture: Empowering Drug Knowledge through User-, Experience- and Activity-

Centered Designs. International Journal of Computer Science Issues. 3. 

2. Zhao D, Huang P, Yu L, He Y. Pharmacokinetics-Pharmacodynamics Modeling for 

Evaluating Drug-Drug Interactions in Polypharmacy: Development and Challenges. 

ClinPharmacokinet. 2024 Jul;63(7):919-944. doi: 10.1007/s40262-024-01391-2. Epub 2024 

Jun 18. PMID: 38888813. 

3. Vora LK, Gholap AD, Jetha K, Thakur RRS, Solanki HK, Chavda VP. Artificial 

Intelligence in Pharmaceutical Technology and Drug Delivery Design. Pharmaceutics. 2023 

Jul 10;15(7):1916. doi: 10.3390/pharmaceutics15071916. PMID: 37514102; PMCID: 

PMC10385763. 

4. Teinilä T, Kaunisvesi K, Airaksinen M. Primary care physicians' perceptions of medication 

errors and error prevention in cooperation with community pharmacists. Res Social Adm 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:197



Pharm. 2011 Jun;7(2):162-79. doi: 10.1016/j.sapharm.2010.03.007. Epub 2010 May 27. 

PMID: 21272542. 

5. Naing, Thiri&Zainuddin, Yuserrie&Zailani, Suhaiza. (2008). Determinants of Information 

System Adoptions in Private Hospitals in Malaysia. 1 - 2. 10.1109/ICTTA.2008.4529931. 

6.Yap, Kevin. (2015). A Pharmaco-Cybernetics Approach to Patient Safety: Identifying 

Adverse Drug Reactions through Unsupervised Machine Learning. 10.4018/978-1-4666-

8756-1.ch073. 

7. Dixit, Rohit& Sharma, Annu& Sinha, Upasana&Swarnkar, Suman& Mishra, Anand. 

(2024). Data-Driven Decision Support Systems for Drug Discovery and Development: A 

Case Study in Pharmaceutical Management. Journal of Electrical Systems. 20. 691-699. 

10.52783/jes.1360. 

8. Dong, Yachao& Yang, Ting & Xing, Yafeng& Du, Jian & Meng, Qingwei. (2023). Data-

Driven Modeling Methods and Techniques for Pharmaceutical Processes. Processes. 11. 

2096. 10.3390/pr11072096. 

9. Matsuyama, Daisuke & Kawahara, Koichi. (2011). Oxidative stress-induced formation of a 

positive-feedback loop for the sustained activation of p38 MAPK leading to the loss of cell 

division in cardiomyocytes soon after birth. Basic research in cardiology. 106. 815-28. 

10.1007/s00395-011-0178-8. 

10. Farajidavar A, Gharibzadeh S, Towhidkhah F, Saeb S. A cybernetic view on wind-up. 

Med Hypotheses. 2006;67(2):304-6. doi: 10.1016/j.mehy.2006.01.053. Epub 2006 Mar 23. 

PMID: 16563645. 

11. Mohiuddin, Abdul Kader. (2019). Medication Risk Management. INNOVATIONS in 

pharmacy. 10. 9. 10.24926/iip.v10i1.1647. 

12. Kannt, Aimo & Wieland, Thomas. (2016). Managing risks in drug discovery: 

Reproducibility of published findings. Naunyn-Schmiedeberg's archives of pharmacology. 

389. 10.1007/s00210-016-1216-8. 

13. TRS 981 - Annex 2: WHO guidelines on quality risk 

management ,https://www.who.int/publications/m/item/trs981-annex2 

 

14. Guideline on good pharmacovigilance practices: Module II – Pharmacovigilance system 

master file (Rev. 2) 

Reference Number:EMA/816573/2011 

 

15. Zwitter, Andrej, Cybernetic Governance: Implications of Technology Convergence on 

Governance Convergence (March 28, 2024). Zwitter, A. Cybernetic governance: implications 

of technology convergence on governance convergence. Ethics Inf Technol 26, 24 (2024). 

https://doi.org/10.1007/s10676-024-09763-9, Available at SSRN: 

https://ssrn.com/abstract=4775763 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:198

https://www.who.int/publications/m/item/trs981-annex2
https://ssrn.com/abstract=4775763


16. Boxwala AA, Dierks M, Keenan M, Jackson S, Hanscom R, Bates DW, Sato L. 

Organization and representation of patient safety data: current status and issues around 

generalizability and scalability. J Am Med Inform Assoc. 2004 Nov-Dec;11(6):468-78. Doi: 

10.1197/jamia.M1317. Epub 2004 Aug 6. PMID: 15298992; PMCID: PMC524625. 

17. Farhud DD, Zokaei S. Ethical Issues of Artificial Intelligence in Medicine and 

Healthcare. Iran J Public Health. 2021 Nov;50(11):i-v. doi: 10.18502/ijph.v50i11.7600. 

PMID: 35223619; PMCID: PMC8826344. 

 

18. Hasan HE, Jaber D, Khabour OF, Alzoubi KH. Ethical considerations and concerns in the 

implementation of AI in pharmacy practice: a cross-sectional study. BMC Med Ethics. 2024 

May 16;25(1):55. Doi: 10.1186/s12910-024-01062-8. PMID: 38750441; PMCID: 

PMC11096093 

 

19. https://www.fda.gov/medical-devices/digital-health-center-excellence/software-medical-

device-samd 

 

20. https://www.hhs.gov/hipaa/for-professionals/privacy/index.html 

 

21. Derendorf H, Lesko LJ, Chaikin P, Colburn WA, Lee P, Miller R, Powell R, Rhodes G, 

Stanski D, Venitz J. Pharmacokinetic/pharmacodynamic modeling in drug research and 

development. J Clin Pharmacol. 2000 Dec;40(12 Pt 2):1399-418. PMID: 11185661. 

 

22. Prakash C, Fan B, Ke A, Le K, Yang H. Physiologically based pharmacokinetic modeling 

and simulation to predict drug-drug interactions of ivosidenib with CYP3A perpetrators in 

patients with acute myeloid leukemia. Cancer ChemotherPharmacol. 2020 Nov;86(5):619-

632. doi: 10.1007/s00280-020-04148-3. Epub 2020 Sep 25. PMID: 32978634. 

 

23. Petch J, Nelson W, Wu M, Ghassemi M, Benz A, Fatemi M, Di S, Carnicelli A, Granger 

C, Giugliano R, Hong H, Patel M, Wallentin L, Eikelboom J, Connolly SJ. Optimizing 

warfarin dosing for patients with atrial fibrillation using machine learning. Sci Rep. 2024 Feb 

24;14(1):4516. doi: 10.1038/s41598-024-55110-9. PMID: 38402362; PMCID: 

PMC10894214. 

 

24. Cheng YH, He C, Riviere JE, Monteiro-Riviere NA, Lin Z. Meta-Analysis of 

Nanoparticle Delivery to Tumors Using a Physiologically Based Pharmacokinetic Modeling 

and Simulation Approach. ACS Nano. 2020 Mar 24;14(3):3075-3095. doi: 

10.1021/acsnano.9b08142. Epub 2020 Mar 4. PMID: 32078303; PMCID: PMC7098057. 

 

25. Silva, Margarida & Mendonça, Teresa & Wigren, Torbjörn. (2010). Online Nonlinear 

Identification of the Effect of Drugs in Anaesthesia Using a Minimal Parameterization and 

BIS Measurements. 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:199

https://www.fda.gov/medical-devices/digital-health-center-excellence/software-medical-device-samd
https://www.fda.gov/medical-devices/digital-health-center-excellence/software-medical-device-samd
https://www.hhs.gov/hipaa/for-professionals/privacy/index.html


26. Canestaro WJ, Austin MA, Thummel KE. Genetic factors affecting statin concentrations 

and subsequent myopathy: a HuGENet systematic review. Genet Med. 2014 Nov;16(11):810-

9. doi: 10.1038/gim.2014.41. Epub 2014 May 8. PMID: 24810685; PMCID: PMC4676271. 

 

27. Ogilvie LA, Wierling C, Kessler T, Lehrach H, Lange BMH. Predictive Modeling of 

Drug Treatment in the Area of Personalized Medicine. Cancer Inform. 2015 Dec 6;14(Suppl 

4):95-103. doi: 10.4137/CIN.S1933. PMID: 26692759; PMCID: PMC4671548.  

 

28. Y. Shi, S. T. Lam, and T. L. Beck, “Deep neural network based quantumsimulations and 

quasichemical theory for accurate modeling of moltensalt thermodynamics,” Chemical 

Science, vol. 13, no. 28, pp. 8265–8273,2022. 

 

29. M. Reiher, N. Wiebe, K. M. Svore, D. Wecker, and M. Troyer, “Eluci-dating reaction 

mechanisms on quantum computers,” Proceedings of thenational academy of sciences, vol. 

114, no. 29, pp. 7555–7560, 2017. 

30. D. Prada-Gracia, S. Huerta-Yépez, and L. M. Moreno-Vargas, “Applica-tion of 

computational methods for anticancer drug discovery, design, andoptimization,” 

BoletínMédico Del Hospital Infantil de México (EnglishEdition), vol. 73, no. 6, pp. 411–423, 

2016. 

 

31.  X. Lin, X. Li, and X. Lin, “A review on applications of computationalmethods in drug 

screening and design,” Molecules, vol. 25, no. 6, p. 1375,2020. 

 

32.  D. Solenov, J. Brieler, and J. F. Scherrer, “The potential of quantumcomputing and 

machine learning to advance clinical research and changethe practice of medicine,” Missouri 

medicine, vol. 115, no. 5, p. 463,2018. 

33.  Zhou Z, Slattum PW, Ke A, Zhang L. Managing Drug-Drug Interactions in Older Adults. 

J Clin Pharmacol. 2023 Oct;63(10):1083-1090. doi: 10.1002/jcph.2299. Epub 2023 Jul 26. 

PMID: 37408371; PMCID: PMC10529698. 

 

34.  Johnson JA, Cavallari LH. Warfarin pharmacogenetics. Trends Cardiovasc Med. 2015 

Jan;25(1):33-41. doi: 10.1016/j.tcm.2014.09.001. Epub 2014 Sep 6. PMID: 25282448; 

PMCID: PMC4278947. 

 

35.  Padmanabhan, Regina & Meskin, Nader & Haddad, Wassim. (2019). Optimal Adaptive 

Control of Drug Dosing Using Integral Reinforcement Learning. Mathematical Biosciences. 

309. 10.1016/j.mbs.2019.01.012. 

 

36.  Davis, J. M., & Sung, J. (2022). Advancing precision and predictive medicine in 

rheumatoid arthritis. Mayo Clinic News Network. 

 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:200



37.  Yu CZ, Myers SR, Faldasz JD. Simulated Comparison of a Bayesian Clinical Decision 

Support System Versus Standard of Care For Achieving Gentamicin Pharmacokinetic Targets 

in Neonates. Pediatr Infect Dis J. 2020 Apr;39(4):313-317. doi: 

10.1097/INF.0000000000002592. PMID: 32032171; PMCID: PMC7182238. 

 

38. Anthony, J. , Anthony, J. , Dixon, A. , Goh, C. and Lucci, M. (2022) Feedback Control of 

Medication Delivery Device Using Machine Learning-Based Control Co-Design. Journal of 

Software Engineering and Applications, 15, 220-239. doi: 10.4236/jsea.2022.157013. 

 

39. Van Heusden K, Soltesz K, Cooke E, Brodie S, West N, Gorges M, Ansermino JM, 

Dumont GA. Optimizing Robust PID Control of Propofol Anesthesia for Children: Design 

and Clinical Evaluation. IEEE Trans Biomed Eng. 2019 Oct;66(10):2918-2923. doi: 

10.1109/TBME.2019.2898194. Epub 2019 Feb 8. PMID: 30763237; PMCID: PMC6877337. 

 

40. Design and Evaluation of a Robust PID Controller for a Fully Implantable Artificial 

Pancreas Lauren M. Huyett, Eyal Dassau, Howard C. Zisser, and Francis J. Doyle IIIIndustrial 

& Engineering Chemistry Research201554 (42), 10311-10321 DOI: 10.1021/acs.iecr.5b01237 

41.  Zhu L, Torchilin VP. Stimulus-responsive nanopreparations for tumor targeting. Integr Biol 

(Camb). 2013 Jan;5(1):96-107. doi: 10.1039/c2ib20135f. PMID: 22869005; PMCID: 

PMC3521849. 

 

42.  Li F, Wang S, Gao Z, Qing M, Pan S, Liu Y, Hu C. Harnessing artificial intelligence in 

sepsis care: advances in early detection, personalized treatment, and real-time monitoring. Front 

Med (Lausanne). 2025 Jan 6;11:1510792. doi: 10.3389/fmed.2024.1510792. PMID: 39835096; 

PMCID: PMC11743359. 

 

43. Myerson, Allan & Krumme, Markus & Nasr, Moheb & Thomas, Hayden & Braatz, 

Richard. (2014). Control Systems Engineering in Continuous Pharmaceutical Manufacturing. 

May 20–21, 2014 Continuous Symposium. Journal of Pharmaceutical Sciences. 104. 

10.1002/jps.24311. 

 

44.  Singleton SP, Luppi AI, Carhart-Harris RL, Cruzat J, Roseman L, Nutt DJ, Deco G, 

Kringelbach ML, Stamatakis EA, Kuceyeski A. Receptor-informed network control theory 

links LSD and psilocybin to a flattening of the brain's control energy landscape. Nat Commun. 

2022 Oct 3;13(1):5812. doi: 10.1038/s41467-022-33578-1. PMID: 36192411; PMCID: 

PMC9530221. 

 

45. Jain S, Nehra M, Kumar R, Dilbaghi N, Hu T, Kumar S, Kaushik A, Li CZ. Internet of 

medical things (IoMT)-integrated biosensors for point-of-care testing of infectious diseases. 

Biosens Bioelectron. 2021 May 1;179:113074. doi: 10.1016/j.bios.2021.113074. Epub 2021 

Feb 6. PMID: 33596516; PMCID: PMC7866895. 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:201

https://doi.org/10.4236/jsea.2022.157013


46.  Pawlak, Zdzisław. (2002). Rough set theory and its applications. Journal of 

Telecommunications and Information Technology. 3. 7-10. 10.26636/jtit.2002.140. 

 

47.  Jha N, Prashar D, Rashid M, Shafiq M, Khan R, Pruncu CI, Tabrez Siddiqui S, Saravana 

Kumar M. Deep Learning Approach for Discovery of In Silico Drugs for Combating COVID-

19. J Healthc Eng. 2021 Jul 20;2021:6668985. doi: 10.1155/2021/6668985. PMID: 34326978; 

PMCID: PMC8302400. 

 

48. Bhinder B, Gilvary C, Madhukar NS, Elemento O. Artificial Intelligence in Cancer 

Research and Precision Medicine. Cancer Discov. 2021 Apr;11(4):900-915. doi: 10.1158/2159-

8290.CD-21-0090. PMID: 33811123; PMCID: PMC8034385. 

 

49. Limeta A, Gatto F, Herrgård MJ, Ji B, Nielsen J. Leveraging high-resolution omics data for 

predicting responses and adverse events to immune checkpoint inhibitors. Comput Struct 

Biotechnol J. 2023 Jul 24;21:3912-3919. doi: 10.1016/j.csbj.2023.07.032. PMID: 37602228; 

PMCID: PMC10432706. 

 

50. Ying Yuan.Guosheng Yin. "Bayesian phase I/II adaptively randomized oncology trials with 

combined drugs." Ann. Appl. Stat. 5 (2A) 924 - 942, June 2011. https://doi.org/10.1214/10-

AOAS433 

 

51.  Alsanosi, S. M., & Padmanabhan, S. (2024). Potential Applications of Artificial 

Intelligence (AI) in Managing Polypharmacy in Saudi Arabia: A Narrative Review. Healthcare, 

12(7), 788. https://doi.org/10.3390/healthcare12070788 

 

52.  Kuehn BM. Virtual and Augmented Reality Put a Twist on Medical Education. JAMA. 

2018 Feb 27;319(8):756-758. doi: 10.1001/jama.2017.20800. PMID: 29417140. 

 

53. WHO Global Observatory for eHealth. (2010). Telemedicine: opportunities and 

developments in Member States: report on the second global survey on eHealth. World Health 

Organization. https://iris.who.int/handle/10665/44497 

 

54.  Oliorah, Patrick & Isah, Abdulmuminu& Emmanuel, Abonyi & Eze, Shadrach & 

Okonkwo, Chiamaka & Nnadi, Precious &Onyemelukwe, Blessing & Aya, Benjamin & 

Dalhatu Muhammad, Ahmad &Dombin, Dinfa. (2022). The Assessment of Telepharmacy 

Practice Among Community Pharmacists in Lagos, Nigeria. 56. 351-358. 

 

55. A. Krishna Sailaja, M. Sumakanth, Ayesha juweriya. (2022) “An Overall Review on Role 

of Automation in The Pharmaceutical Industry.”, Aditum Journal of Clinical and Biomedical 

Research, 4(2); DOI: http;//doi.org/02.2022/1.1072 

 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:202

https://doi.org/10.1214/10-AOAS433
https://doi.org/10.1214/10-AOAS433
https://doi.org/10.3390/healthcare12070788
https://iris.who.int/handle/10665/44497


56. Thomas GP, Hemanth KS, Shailesh T, Gowrav MP. Impact of Automation in 

Pharmaceutical Industry on Roles and Responsibilities of Quality Assurance: A Review. 

International Journal of Pharmaceutical Quality Assurance. 2020;11(1):166-172 

 

57. Yigzaw, Kassaye Yitbarek&Olabarriaga, Sílvia &Michalas, Antonis & Marco-Ruiz, Luis & 

Hillen, Christiaan &Verginadis, Yiannis &Tuler de Oliveira, Marcela & Krefting, Dagmar & 

Penzel, Thomas & Bowden, James &Bellika, Johan &Chomutare, Taridzo. (2022). Health data 

security and privacy: Challenges and solutions for the future. 10.1016/B978-0-12-823413-

6.00014-8. 

 

58.  Krati Saxena, Sozo Inoue, Tomohiro Shibata. Beyond the Hype: A Review of Challenges 

in AI-based Medication Prediction and Future Prospects. TechRxiv. November 27, 2024. 

DOI: 10.36227/techrxiv.173272696.69532956/v1 

 

59. Fan J, Han F, Liu H. Challenges of Big Data Analysis. Natl Sci Rev. 2014 Jun;1(2):293-

314. doi: 10.1093/nsr/nwt032. PMID: 25419469; PMCID: PMC4236847. 

 

60. Johnson KB, Wei WQ, Weeraratne D, Frisse ME, Misulis K, Rhee K, Zhao J, Snowdon JL. 

Precision Medicine, AI, and the Future of Personalized Health Care. Clin Transl Sci. 2021 

Jan;14(1):86-93. doi: 10.1111/cts.12884. Epub 2020 Oct 12. PMID: 32961010; PMCID: 

PMC7877825. 

 

61. Gerke S, Minssen T, Cohen G. Ethical and legal challenges of artificial intelligence-driven 

healthcare. Artificial Intelligence in Healthcare. 2020:295–336. doi: 10.1016/B978-0-12-

818438-7.00012-5. Epub 2020 Jun 26. PMCID: PMC7332220. 

 

62. Liyanage H, Liaw ST, Jonnagaddala J, Schreiber R, Kuziemsky C, Terry AL, de Lusignan 

S. Artificial Intelligence in Primary Health Care: Perceptions, Issues, and Challenges. Yearb 

Med Inform. 2019 Aug;28(1):41-46. doi: 10.1055/s-0039-1677901. Epub 2019 Apr 25. PMID: 

31022751; PMCID: PMC6697547 

 

 

 

 

 

 

 

 

YMER || ISSN : 0044-0477

VOLUME 24 : ISSUE 02 (Feb) - 2025

http://ymerdigital.com

Page No:203

https://doi.org/10.36227/techrxiv.173272696.69532956/v1

